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bpedia-owl: <http://dbpedia.org/ontology/> .
bpprop: <http://dbpedia.org/property/> .
"City"@en is rdfs:label of dbpedia-owl:City .
"State"@en is rdfs:label of dbpec
"Baltimore"@en is rdfs:label of dbpedia:Baltimore .
dbpedia:Baltimore a dbpedia-owl:City .

"MD" @en is rdfs:label of dbpedia:Maryland .
dbpedia:Maryland a dbpedia-owl:AdministrativeRegion .
dbpprop:LargestCity rdfs:domain dbpedia-owl:AdminstrativeRegion .

dbpprop:LargestCity rdfs:range dbpedia-owl:City .
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